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Abstract

We use data from th@&rajectoires et Originesurvey to analyze the labor-market
outcomes of both second-generation immigrants ket £rench native counterparts.
Second-generation immigrants have on average a lpmeability of employment and
lower wages than Frenamatives We find however considerable differences between
second-generation immigrants depending on thegirorwhile those originating from
Northern Africa, Sub-Saharan Africa and Turkey k®s likely to be employed and
receive lower wages than French natives, secondrgion immigrants with Asian or
Southern- and Eastern-European origins do notrddignificantly fromtheir French
native counterpartsThe employment gap between French natives and second-
generation immigrants is mainly explained by d#feces in their education; education
is also an important determinant of tathnic wage gapFinally we show that these
differences in educational attainment are mainlpl&red by family background.
Although the role of discrimination cannbe denied our findings do point out the
importance of family background in explaining ldeg ethnic inequalities.
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1. Introduction

In November 2005, a wave of violence swept throtighsuburbs of a number of French
cities. Faced with this sudden rise in tension, s@mmmentators underlined long-standing
integration problems, including discrimination agsi minorities and thdack of job
opportunitiesin the suburbs which are mainly populated by inmamgs. The living standards
of individuals with immigrant parents in France ame average 14% lower than those of
natives with French parents (Lombardo and Pujol, 1120 However, despite the
acknowledgment of such tensions linked to immigratithe empirical analysis adthnic
employment and wage gaps in France is surprisisiggyse. A few notable exceptions are the
recent contributions of Aeberhardt and Pouget (20A8berhardet al (2010a,h and Belzil
and Poinas (2010). The French situation is in slcargrast to the vast literature on racial
discrimination and the social integration of imnaigts in a number of other countrigsee
Altonji and Blank, 1999 and Borjas, 1999 for surskeyOne likely explanation is that, until
recently,information regarding ethnicity was not collectadirench survey dafa.

We here aim to contribute to the existing literatdsy investigating lifelong ethnic
inequalities in France and their determinants. iBegcour aim is threefold. We first consider
the extent to which employment and wages are &ffebly ethnic origin. We separate the
latter into eight groups: North African, Sub-Salmarafrican, Turkish, Asian, Southern
European, Northern European, Eastern European r@mdlorigin. We then test whether the
gapsbetween French nativesnd second-generation immigrants reflect discratiam or
rather differences in education and occupationaltijpms.Discrimination is often invoked as
a possible cause of the racial employment and \gags. However it can also be reasonably
conjectured that these gaps reflect differencesharacteristics such as education. After
underlining the central role of education in bdtle ethnic employment and wage gaps, we
focus on the determinants of education. This ctute8 the third aim of this paper.

Our analysis is based on data from Trajectoires et OriginegTeO survey, which was
carried out jointly by the INED and INEEin 2008 and 2009 in metropolitan Frandéhile
other surveys have considered integration andidigtation in France, to our knowledgfas

is the only French survey to investigate in dethé situation of both first- and second-

! The French egalitarian ideal, which rejects anynfaf categorization into ethnic groups, is oftemlad to
explain that lack of ethnic information in Frenainsey data.

2 Note that, for convenience, we consider as Freatives only those respondents whose parents vaieborn
with French nationality, although from a legal goaf view, immigrants’ descendants born in Franm @so
French natives as a result of the Frejushsolis
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generation immigrants on the labor market. The eyurontains a large number of socio-
demographic and economic variables, such as scoeenic outcomes (education,
employment and housing) at the time of the intawi@008), migratory history, ethnic
belonging (ties with the home country, religionndaages and ethnic identity) but also
previous education — both at school and in the lfafihese data allow us to disentangle the
roles played by ethnic belonging and other vargldach as education in explaining the
employment and wage gaps between French nativesezmotd-generation immigrants.

Our paper is related to existing work on the labmarket outcomes of immigrants (see for
instance Dustmanaet al, 2008, and Algart al, 2010).In particular, our analysis is closely
related to the seminal papers of Aeberhardt and)€tq2010) and Aeberhardt al. (2010a)
which also consider the wage gap between seconel-g@m immigrants and French natives.
Aeberhardt and Pouget (2010) analyze nationaliomgige differentials in France. They find
that these wage gaps mostly reflect differenceshan type of jobs individuals take up,
according to their experience, background and doiucalUsing data from theFormation
Qualification Professionnellesurvey, Aeberhardet al (2010a) investigate the wage and
employment gaps between French natives and Fremckeve with at least one African
parent. They conclude that the unexplained poxiahe employment decomposition is much
larger than that of the wage decomposition. Labarket discrimination in France is found to
be more frequent at the hiring stage than in egsiA similar empirical analysis oEmploi

en Contind data confirms these findings (see Aeberhetdil, 20100).

The work we present here differs from this literatin a number of ways. First, we
emphasize the role of education in explaining ettaibor-market differences. In this respect,
our work belongs to the strand of literature on the edunatigaps between natives and
immigrants (see for instance Gang and Zimmermafp2¥an Ours and Veenman, 2001;
Domingues Dos Santos and Wolff, 2011, &mshbaumet al, 2012). In particular, Brinbaum
et al (2012) also use TeO data to examine differenteglucation between natives, second-
generation immigrants, and immigrants whose edoicaithn France began at the primary
school level. Our approach differs from theirs &sfacus on lifelong ethnic inequalities. Our
paper is more closely related to that of Belzil &wlnas (2010), who estimate a dynamic
model of schooling choices and early access to geemt employment contracts in France.
Using data from the “Generation 98" survey, Belaid Poinas (2010) investigate the
differences between second-generation immigrants thaeir French-native counterparts in

terms of access to permanent employment contr&eigscation is found to be the main
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determinant of permanent-employment differentialser controlling for education and other
observed characteristics, ethnic origin explainss I¢ghan 6% of this employment gap.
However, in contrast to Belzil and Poinas (2010pwvamly consider permanent employment
contracts in the early career, we halgfocus on the determinants of wag@sir data enable
us to conduct a deeper analysis of the determirargducation gaps between ethnic groups,
as they contain a large number of variables wiipeet to parental background as well as the
social and housing environment. The work heress akiginal in that it extends the analysis
to a number of different sub-populations of secgederation immigrants (North African,
Sub-Saharan African, Turkish, Asian, Eastern EumaopéNorthern European and Southern
European) instead of only focusing on the comparisetween French and African natives.
This allows us to see whether and why some secendrgtion immigrants are more likely

than others to suffer from earnings and employrgaps.

To preview our findingsywe show thati) second-generation immigrants are on average
less likely to be employed and receive lower watfen French natives;ji) there is
considerable heterogeneity among immigrantBesefrom North Africa, Sub-Saharan Africa
and Turkey are less likely to be employed and xeckwer wages than French natives, while
those with Asian or European origins are statifijidche same a$rench natives regarding
wages and employmeniij) a large part of the labor-market differences leetv French
natives and second-generation immigrants can biewtd to differences in education; and

iv) this education gap seems to be rooted in ethfferehces in family backgrounds.

The remainder of the paper is organized as foll@&estion 2 presents tieOsurvey and
our analysis sub-sample. Section 3 then presemtsnain findings, and Section 4 discusses

them. Last, Section 5 concludes.
2. Data

2.1. TheTeO survey

Our work is based on data from the cross-secli@mjectoires et Originesurvey. This
survey was jointly carried out by INED and INSEE2@08 and 2009 in metropolitan France,
and covered 21,000 individuals aged from 18 to éfry via face-to-face interviews. TheO
data include a wide range of variables regardingigmants’ living conditions and social
mobility. Both education and labor-market profike® recorded, allowing the lifecourse to be

investigated. The survey also contains additiomfairmation about the migratory history, and
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the family and social context during both childhoamadd adulthood. The variables can be
broadly organized into three main groups: familyl @ocial background (parents’ statuses,
siblings, and marital life); socio-economic outcar{education, employment, and housing);
and migratory history and ethnic belonging (tiesht® home country, religion, languages, and

ethnic identity).

Following the French Republican egalitarian priteipnigrants' offspring are not usually
visible in national statistics. This was dealt witltheTeOsurvey by cross-checking with the
2007 French census and local registers to idefit§y-generation immigrants' children (in
particular from birth certificates). TheeOdata thus allows the socio-economic integration of
both first- and second-generation migrants to balyaed, both of which were on purpose
oversampled. Weights are provided to render theokamationally representative. The dataset
is composed of 3781 individuals from the referepogulation ("natives”, hereafter), 8456

immigrants, and 8161 descendants of immigrants.
2.2. Scope of the analysis

We here consider labor-market outcomes, and incpéat the impact of education on
employment and wages. This aim implies a restectivbut consistent — choice of sample.
Specifically, we do not include first-generationnmgrants given that they in general did not
go through the French education system. Our fiaal@e thus consists of employees and the
unemployed among French natives and second-gemefatimigrants. We consider neither
students nor the retired, and drop individuals witissing values for wages or labor-force

status’ Our final analysis sample consists of 8325 respnts

We have two main types of variables of intereststFive consider labor-market outcomes,
as given by hourly wages and employment in 200&8o0i@, as we are interested in the
potential life-course effects of early differencés terms of the family context during
childhood, notably), we focus on the determinafitsducational success.

3 We also deliberately exclude self-employed workewen our data analysis. The reason is that selfleyeql
who are their “own boss” have no reason to discratgé against themselves neither at the employragat hor
at the wage level. Note however that self-employe suffer from another form of discrimination, relyn
“consumer discrimination”. Consumer discriminatioray induce significant ethnic differences in bo#if-s
employment rates and incomes. The reason of consdim&rimination is that, for instance white consum
may dislike purchasing goods from services frontkdaand other minorities (see Becker, 1971; Borgas]
Bronars, 1989).
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2.3 Sub-populations of interest

As noted above, we contrast different subsampleseobnd-generation immigrants (5691
respondents) and natives (2634 respondents). Iaeb@nd-generation subsample individuals
have at least one parent originating from Northiafr(1492 respondents), Sub-Saharan
Africa (478), Turkey (326), Southern Europe (22949rthern Europe (435), Eastern Europe
(346) or Asia (360f. When both parents are immigrants, but from twdeckht areas, we
retain the father’s origin.

3. Methodology and results

After presenting some summary statistics, we ingat¢ the determinants of both
employment and wages. We first estimate employmegrttessions, and then appeal to the
methods popularized by Oaxaca (1973) and Blinde73)l to decompose the employment
gap into a structural part resulting from differeadn observable characteristics and a residual
part resulting from differences in the return tegd same characteristics. In a second step, we
consider the differences in wages across ethnigpgroFollowing Aeberhardit al (2010a),
we correct for the potential selection bias due/ages only being observed for the employed.
This correction is effected via a two-step Heckmamocedure. Last, we evaluate the

determinants of differences in education betwebnietgroups.
3.1. Summary statistics

Table 1 presents the descriptive statistics reggrédmployment status and hourly wages

among ethnic groups in our sample.

* We define the European sub-groups as follows. l&ontEurope comprises ltaly (36.46% of this suhagjp
Portugal (32.67%), Spain (30.19%) and Greece (0)68%rthern Europe contains Germany (43.02% of this
sub-group), Belgium (32.48%), United Kingdom (9.40%letherlands (3.42%), Ireland (3.42%), Austria
(3.13%), Luxembourg (2.28%), Denmark (1.71%), Swed#.14%). Eastern Europe contains all of the
remainder of the European continent. Second-geaaranmigrants from America, Oceania and Middle tEas
countries are dropped due to small cell sizes.

® Individuals with parents from two different immagrt groups represent only 0.98% of our second-géiner
immigrant sample (82 observations).
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Table 1 — Summary statistics on labor-market ougohby ethnic group

Origin of parents Employment Significantly | Hourly wage Significantly different
share different from from France?
France?
France 90.3% - 10.920 -
(0,007) (0.230)
North Africa 77.1% Yes 9.054 Yes
(0.014) (F=69.07; (0.120) (t=-7.18; p=0.000)
p=0.000)
Sub-Saharan Africa 77.9% Yes 9.372 Yes
(0.026) (F=20.35; (0.420) (t=-3.23; p=0.001)
p=0.000)
Turkey 69.2% Yes 9.249 Yes
(0.052) (F=16,35; (0.479) (t=-3.14; p=0.002)
p=0.000)
Asia 85.1% Yes 10.448 No
(0.027) (F=3.32; (0.346) (t=-1.13; p=0.257)
p=0.065)
Southern Europe 90.4% No 10.213 Yes
(0.018) (F=0.00; (0.231) (t=-2.17; p=0.030)
p=0.9488)
Northern Europe 95.7% Yes 12.150 Yes
(0.011) (F=15.77; (0.515) (t=2.18; p=0.030)
p=0.000)
Eastern Europe 77.9% No 10.901 No
(0.100) (F=1.52; (0.417) (t=-0.04; p=0.967)
p=0.218)

Note: The table shows the weighted means, withhiezigstandard deviations in parentheses.

In Table 1 there are considerable employment andewdifferences between second-
generation immigrants and French natives, and hé&tween immigrant groups. Second-
generation immigrants with North-African, Sub-SamaAfrican and Turkish parents are less
likely to be in employment than are natives witlerketh parents and receive lower wages on
average. Southern-European immigrant descendamts ddower (but not significantly so)
employment probability but earn on average highages. Remarkably, Northern-European
immigrant descendants perform better than do tleadfr regarding both employment and
wages. Last, Table 1 reveals that the children efai\ parents suffer less from lower

employment than do some other immigrant-origin gedu

® Weighted hourly wage means are compared via att-We use the Rao and Scott (1984) second-order
correction of the Pearsogf-test to analyze employment differences. We heresider the 10% significance
threshold.
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3.2. The determinants of the ethnic employment gap

To provide more formal evidence of an ethnic emplegnt gap, we run employment

regressions. Let the employment function for indiirli in ethnic group be given by
Lij = 1L’lf]->o (1)

where L;; is a dummy variable corresponding to employmét,is the associated latent
variable,H;; is a vector of the determinants of employment, @ands a group fixed effect.

Settingwr,qnce €qual to 0 fixes natives born to French parentthageference group. The
error termeg;; is assumed to follow a normal distribution withrgraeters (0,1). The
probability of employment is expressed as

Prob(L;; = 1) = Prob(L;; > 0) = Prob(&;; > —(H;j.a + w))) = ®(Hj. a + w)) (3)
where®d(.) is the standard normal cumulative distributionciion.

Table 2 shows the results from weigHteatobit estimation of employment. To
emphasize the role of education in ethnic employngaps, we run estimates with and

without the education variables.

" We use the pweight command in Statal0 to inclueights in our models.
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Table 2 — Employment estimates

Marginal effects from weighted probit estimation

1) 2
Age -0.005** -0.020***
(0.002) (0.003)
Experience 0.012%** 0.027***
(0.003) (0.004)
Experience?/100 -0.012** -0.010**
(0.005) (0.005)
Education
No qualifications Ref.
Junior high school degree 0.066***
(0.10)
Vocational high school degree 0.103***
(0.015)
High school degree 0.085***
(0.007)
College degree 0.107***
(0.009)
University degree 0.143***
(0.011)
Origin
French native Ref. Ref.
North African -0.094*** -0.039%***
(0.019) (0.015)
Sub-Saharan African -0.060** -0.019
(0.031) (0.024)
Turkish -0.101%** -0.042
(0.044) (0.034)
Asian -0.010 0.000
(0.023) (0.021)
Southern European 0.008 0.029**
(0.014) (0.0112)
Northern European 0.058*** 0.050***
(0.014) (0.012)
Eastern European -0.115 -0.100
(0.094) (0.094)
Mixed origin (French+other) -0.017 -0.018
(0.018) (0.016)
Family
At least one child -0.030* -0.023
(0.017) (0.016)
Single man Ref. Ref.
Single woman 0.001 -0.009
(0.018) (0.018)
Man, working spouse 0.112%** 0.093***
(0.013) (0.0112)
Woman, working spouse 0.073*** 0.055***
(0.015) (0.014)
Man, non-working spouse 0.065*** 0.057**
(0.014) (0.012)
Woman, non-working spouse 0.015 0.019
(0.034) (0.028)
Controls for city size Yes Yes
Pseudo R? 0.089 0.173
Observations 8154 8154

Notes: *** Significant at the 0.01

parentheses.

level, ** at th@.05 level, * at the 0.10 level. Standard errome an



Columns (1) and (2) show the estimated coefficienthout and with controls for
education respectively. We include a number of vidial characteristics such as age,
experience, gender and marital status. In column i(dividuals of North African, Sub-
Saharan African and Turkish origin have a signiftbalower probability of employment than
do natives. By way of contrast, Northern-Europeascéndants perform significantly better
than do French natives, with an employment prolighithich is 5.8 percentage points
higher. The insignificant coefficients on the Asiamd Southern or Eastern European
variables show that there is no employment diffeeebetween these groups and French
natives. Controlling for education in column (2hders the coefficients on the Sub-Saharan
African and Turkish variables insignificant. The @oyment probability gap for individuals
of North-African origin rather than French origimogs from 9. to 3.9 percentage points in
column (2), and the Southern European coefficiemiow positive and significant. The results
in Table 2 thus show that the ethnic employment igaggnificantly reduced by controlling

for education.

To provide further evidence of the extent of thbnet employment gap, we use the
decomposition method introduced Byberhardtet al (2010a). This provides estimates for
non-linear regressions analogous to those fromdatanlinear decomposition techniques
(Oaxaca, 1973; Blinder, 1973; Neuman and Oaxaca};2BQuer and Sinning, 2008). This
allows us to decompose the employment gap betweergtoups into a part resulting from
differences in observable characteristics such dagation and a residual part. The main
attraction of the Aeberhareét al. (2010a) method is that it does not involve thiewdation of
coefficients for the minority groups. Due to theadintell sizes of immigrant-origin groups,
separate regressions may Yyield inaccurate coefti@stimates. The decomposition of the
employment gap between natives and second-genermatiigrants from groupis given by:

ElLif] = E|Lij| = Ens[EQifIHD] — Epj[ELis | HD)]

Explained part

+ Eyj[E(Lig|HD)] —Eg;[E(L;j|HD)] 4)
Residual gap

The explained part consists of the difference betwerench natives’ employment and the
estimated employment of second-generation immigricam groug, when both groups have
similar returns to characteristics. This part e #gmployment gap results from differences in
characteristics only. On the other hand, the residap consists of the part of employment

gap attributed to differences in the return to abtaristics.
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Following Aeberhardet al (2010a,b), we use simple empirical counterpartsairry out

this decomposition.

2 Zier L= Eng[ECLi|HD)] (5)
N%_Ziej L; 5 Ey;|E(Li|HD] (6)
Ni]_Ziech(Hi-af) 5 Ey;[E(Lif|HD)] (7)

Equations (5) and (6) are the simple arithmeticalins of employment levels in groups
andj. Equation(7) implies calculating the coefficientg in a previous regression on the
French native population only, and applying themsézond-generation immigrants from
groupj. Although this method does not lead to an exacbugosition, it has been shown to

yield more precise estimates than the usual appr@seberhardet al, 2010a,b).

Table 3 shows the results of the employment-gaprdpositions between French natives
and second-generation immigrant$he procedure is applied with and without contrad f
education in order to assess its impact on emplaymaecessin the left panel, there are no
education controls. We use the same covariates @ iregressions in Table 2, apart for the

ethnic group dummies of course.

With no education controls, second-generation innamts from North Africa, Sub-
Saharan Africa, Eastern Europe or Turkey face asidemable residual employment gap.
However, controlling for education sharply redutles gap. Again, education is a major
determinant of ethnic differences in employmenteréhremains nonetheless a substantial
residual gap which may reflect, amongst many opffemomena, discrimination (Section 4

further discusses that the residual gap may ngtrafllect discrimination).
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Table 3 — The decomposition of the employment gapiéen French natives and second-

generation immigrants

No control for education Controlling for educatio
Raw Explained Residua Raw Explained Residual

North African 0.141 0.032 0.108 0.141 0.087 0.054

23.04% 76.96% 61.66% 38.34%
Sub-Saharan 0.134 0.048 0.085 0.134 0.094 0.040
African 35.96% 64.04% 70.11% 29.89%
Turkish 0.195 0.077 0.118 0.195 0.144 0.051

39.34% 60.66% 73.86% 26.14%
Asian 0.055 0.035 0.020 0.055 0.056 -0.001

63.54% 36.46% 101.81% -1.81%
Southern Not signif. Not signif.
European
Northern -0.055 -0.008 -0.047 -0.055 -0.017 -0.038
European 14.55% 85.66% 30.91% 69.09%
Eastern 0.114 -0.014 0.128 0.114 -0.002 0.116
European -12.51%  112.51% -1.85% 101.85%

3.3.

Wage differentials between ethnic groups.

After having investigated the employment ethnic,ga@ now turn to the ethnic wage gap.

Following Aeberhardet al (2010a,b), we control for selectiasing the Heckman two-step

proceduré We assume that the wage function is given by

(8)

wherew;; is the log hourly wage of individuabelonging to ethnic groujp X;; is a vector of

the determinants of market wages (this latter hasedficient vectors which applies to the
whole population) and; is a parameter specific to ethnic grquonsidering French natives
as the omitted category, we s&t.,,.. = 0. As such,§; measures the wage gap between
groupj and France conditional on the other covariatésast, u;; is an error term which is

assumed to follow a normal distribution with parséeng (Og,). We also assume that

COV(Si]', ui]-) =p, for anyi ,j.

8 We appeal to maximum-likelihood estimators, which known to be more efficient than the originabistep
procedure (Puhani, 2000).
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The wage is however only observed for individualemployment. Let the employment

function for individuali in ethnic group be

The presence of possible correlatiotoetween the error terms of our two equations
implies potential bias. We estimate the wage eqodobr the employed, which is expressed as

where ¢(.) is the standard normal density distribution fumetid(.) is the standard
cumulative normal distribution an; is the inverse Mills ratio. We can thus test felestion

bias p # 0) and correct it.

For the model to be identified, we require selectivariables: these affect the
probability of employment, but not wages direcilye use standard instrumengseperhardt
et al, 2010a): marital status (single man, single womarking or non-working spouse) and
the presence of at least one child. These signtifigaffect the probability of employment

(Table 2) and can thus be considered as valid.

Table 4 reports wage-equation estimates using tifferent econometric methods:
models (1) and (2) present simple weighted OLSession results, while models (3) and (4)
control for selection bias. In column (1) both exgece and seniority have a positive effect
on wages. The effect of experience is however mmat, as shown by the negative
coefficient on “Experience?/100”. The negative dmghly significant coefficients on “North-
African” and “Sub-Saharan African” origin in columfil) indicate an ethnic wage gap.

Consistent with previous work, we also see a gegdprin wages.

Unsurprisingly, model (2) indicates that educatisnan important determinant of
wages. Controlling for education, the ethnic wage gersists but is less significant and
smaller in size. Turkish origin attracts a positaaefficient when controlling for education,
and Asian and European second-generation immigrdatsiot significantly differ from

French natives in terms of wages.
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Table 4 — Wage equation estimates

Weighted OLS

Weighted two-step Heckman

1) 2 3) 4)
Individual
Age 0.036*** 0.025*** 0.037*+* 0.025**
(0.006) (0.008) (0.006) (0.008)
Female -0.104*** -0.106*** -0.103*** -0.105%**
(0.016) (0.016) (0.016) (0.016)
Experience -0.016*** -0.004 -0.018*** -0.006
(0.005) (0.007) (0.006) (0.008)
Experience?/100 -0.036*** -0.035*** -0.033%*** -0.08**
(0.007) (0.006) (0.008) (0.008)
Seniority within 0.008*** 0.008*** 0.008*** 0.008***
the firm (0.001) (0.001) (0.001) (0.001)
Education
No qualifications Ref. Ref.
Junior high school 0.067* 0.068***
degree (0.035) (0.034)
Vocational high 0.085*** 0.085***
school degree (0.027) (0.027)
High school 0.075* 0.076*
degree (0.042) (0.042)
College degree 0.140*** 0.139***
(0.043) (0.043)
University degree 0.230*** 0.230***
(0.050) (0.050)
Origin
French native Ref. Ref. Ref. Ref.
North African -0.074%** -0.056*** -0.059%** -0.043
(0.017) (0.017) (0.030) (0.030)
Sub-Saharan -0.102* -0.090* -0.093* -0.082
African (0.053) (0.053) (0.055) (0.055)
Turkish 0.060 0.070* 0.079* 0.089*
(0.040) (0.039) (0.052) (0.052)
Asian -0.046 -0.032 -0.046 -0.033
(0.030) (0.030) (0.031) (0.030)
Southern Europegn -0.004 0.007 -0.006 0.005
(0.017) (0.017) (0.016) (0.017)
Northern European  0.035 0.032 0.030 0.027
(0.036) (0.038) (0.036) (0.037)
Eastern European -0.031 -0.014 -0.021 -0.005
(0.032) (0.032) (0.037) (0.037)
Mixed origin 0.032 0.031 0.034 0.033
(French+other) (0.023) (0.022) (0.023) (0.022)
Constant 1.183*** 1.297*** 1.200*** 1.312%**
(0.116) (0.138) (0.118) (0.140)
Inverse Mills ratio -0.071 -0.068
(0.114) (0.115)
Controls for city Yes Yes Yes Yes
size
Controls for Yes Yes Yes Yes
occup.category
Controls for secto Yes Yes Yes Yes
Observations 6778 6778 8191 8028
R® 0.422 0.432

Notes: *** Significant at the 0.01 level, ** at th®05 level, * at the 0.10 level. Standard errarparentheses.
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Columns (3) and (4) are analogous to columns (i) (2 but control for selection
bias. That the inverse Mills ratio is insignificasthbes not necessarily imply that there is no
selection bias within each ethnic group. It coulsoabe due to the selection bias being
different with respect to both its extent and natbetween French natives and second-
generation immigrants. The “North-African” and “S8kaharan African” origin variables are
no longer significant in column (4). Finally, theetficient on the “Turkish” variable shows
that Turkish second-generation immigrants benedinfa wage premium relative to natives.

Overall, these results show that, with the exceptibthose of Turkish origin, ethnic
wage gaps completely disappear after controllimgofith selection bias and education. This
is a generalization of the findings in Aeberhaedtal (2010a,b) which shed light on the

heterogeneity between different immigrant types.

To investigate in further details the extent ofnethwage gap, we resort again to the
decomposition methodology proposed by Aeberhatd@l (2010a). This counterfactual
approach, inspired by standard decomposition teciesi (Oaxaca, 1973; Blinder, 1973), only
requires the estimation of wages for French natiVéss avoids the potential problem of
small cell sizes by second-generation immigrantigso We use two simple counterfactuals to

decompose the wage gap between French ndtaras the second-generation grgup

. D(Hiaf) P o(Hiar)
W = Yiej (Z—i¢(Hi- )( .Bf + Py 05 . af)) (12)
—_ A d)(Hl af)
ZLE]( )(X ,Bf + Py 05 o a,:)) (13)

The first counterfactual; corresponds to the average wage that an indivitioad
groupj could expect if he was selected and paid in theesaay as those in the French native
group. The second counterfactuaf™ represents the average wage that an employed

individual from groug could expect if he was paid in the same way asdfreatives.

The decomposition of the wage gap between Frentihesd and second-generation

groupj is then written as follows :

Explained part Selectivity Residual gap
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Table 5 — Wage gap decomposition between Frendvesand second-generation

immigrants
No control for education Controlling for educatio
Raw Explained Residual  Selectign Explained Residu&election
North African 0.140 0.095 -0.024 0.069 0.100 -0.039 0.079
67.86%  -17.14%  49.28% 71.43%  -27.86%  56.43%
Sub-Saharan 0.135 0.094 -0.070 0.111 0.094 -0.083 0.124
African 69.63%  -51.85%  82.22% 69.63%  -61.48% 91.85%
Turkish 0.131 0.219 -0.211 0.123 0.211 -0.221 0.141
167.18% -161.07% 93.89% | 161.07% -168.70% 107.63%
Asian not signif.
South European 0.027 0.018 0.053 -0.044 0.021 -0.053 0.059
66.67%  192.30% -162.97%| 77.78% -196.30% 218.52%
North European -0.161 -0.072 -0.123 0.034 -0.078 -0.124 0.041
44.72% 76.40%  -21.12% | 48.45% 77.02%  -25.47%
East European not signif.

Note: We can interpret the figures for North Africarigin (when controlling for education) as follew0.140 is
the initial raw wage gap figure between North Adineorigin and French natives. Differences in chdeaistics
explain 71.43% of this gap. Differences in selectexplain 56.43% of the gap. Overall, the residgab
represents -27.86% of the raw gap. That is to Bdyrench natives and North African-origin immigtarshared
the same characteristics and faced the same setedtie wage gap would be inverted, and end upvorfof
the latter.

The wage gap between French native and second-gmerimmigrants with Southern European origin is
significant but too small to provide accurate imgetation of its decomposition.

Table 5 presents the ethnic wage gap decomposiisumts. The wage gap is expressed
here as the difference in the log hourly wage betwierench natives and second-generation
immigrants. As noted above, we decompose these igépsthree components. The first
corresponds to the proportion explained by diffeesnin observed characteristics between the
two groups. The second shows the residual igagghe proportion of the gap which is neither
explained by observed characteristics nor by seleciThe third represents the differences
between the two groups in terms of selection. Talglet shows each component as a
percentage of the initial raw gap. Again, contrglifor education reduces the residual part
and increases the explained part of the wage gegraf), these and previous findings suggest
that education differences between ethnic groupsparticularly important in explaining
employment and wage gaps. We now turn to the détants of the education gaps between

ethnic groups.
3.4  Educational achievement gaps between ethnic gnos.

Our previous analyses underlined the central ridgga by education in explaining labor-

market outcomes. We now go one step further andidenthe determinants of education.
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We first present some summary statistics; we themshe results of ordered logit estimation

of the determinants of education.
3.4.1. Estimating education

Table 6 describes the distribution of the high@sitodna obtained by the respondent. These
figures should be interpreted with caution as the structure varies widely between groups.
Second-generation immigrants are on average Sixs ygaunger than French natives, and
have therefore profited from the structural incee&s general education. Even so, second-
generation immigrants are more likely to have Bfhool without any qualifications and
conversely are less likely to have a university rdeg This observation does not hold,

however, for those of Sub-Saharan African and Aeragin.

Table 6 — Summary education statistics (higheslifgpedion)

French North Sub- Northern Southern Eastern
Highest qualification | natives African  Saharan Turkish Asian European European European
(1) No qualifications 11.57% 18.12% 11.78% 21.88% 10.40%  10,61% 17.22% 19.22%
(2) Junior high school 8.19% 8.92% 8.45% 7.89% ®75 3,60% 9.12% 9.53%
(3) Vocational high

school 40.95% 41.94% 37.94% 50.98% 26.79%  35,16% 42.01% 37.99%
(4) High school 6.07% 5.58% 4.80% 0.90% 8.00% %12 4.61% 4.91%

(5) College 14.06% 12.14% 16.91% 7.04% 15.53% 8,15% 13.99% 16.07%
(6) University 19.16% 13.31% 20.12% 11.31% 30.53% 24,36% 13.05% 12.27%

A more formal analysis comes from estimating thegeinants of education. The results
appear in Table 7: these refer to two ordered logitlels of highest qualification and two
probit models of schooling failure (defined as nplama). Following Belzil and Poinas
(2010), we use the highegtialificationas the attainment variable. Column (1) only cdatro
for demographic variables such as ethnic origimdge and age. Column (2) then adds family
background and childhood family background: existingsearch has emphasized family
background (e.g. parental education, family incame family structure) as key determinants
of education. Brental background may affect child education \adous channels. The first

is family income. Much work has shown that familcome is an important determinant of

° We also control for school characteristics (oniiyate, only public or both types of schools dursahooling),
average unemployment and the growth rate wheneafgondent was aged 15, parental occupation asawell
serious events during schooling (parental deatbhlpms with violence, alcohol, and money). Thesaattes
are not displayed in Table 7, but are availablenugguest from the authors.
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child school success (Haveman and Wolfe, 1995; BhabVijverberg, 2005 Children from
poor families have greater difficulty in pursuingeir education as their parents face credit
constraints in financing their children’s educati®s our data do not contain information on
parental income, we use the occupation of both fdteer and the mother during the

individual's childhood to proxy for the househaidaicial situation.

Beyond these financial aspectsg also consider parental educatiaa an important
determinant of educational attainment: this picks any intergenerational correlation in
education. This correlation may reflect some abhi¢ing transferred genetically to children.
It may also reflect the transmission of preferentesan reasonably be argued that highly-
educated parents will place greater value on etugatnd may therefore be more likely to
encourage their children to pursue further edunaftairthermore, educated parents may also
help their offspring in their schoolwork (e.g. bsng books around the house) which may

reduce the cost of acquiring education (see faaimse Ermisch and Francesconi, 2001).

Finally we also control for family structure (ethe number of siblings, being in a single-
parent family). Some research has shown that b&ing single-parent family during
childhood has a negative impact on education gageman and Wolfe, 1995). Having more
brothers or sisters might also hamper educationth@ascarcity of resources (both money and
time) in larger families (e.g. Blundedt al. 1997).

Table 7 — Estimating education

Models Diploma ordered logit Schooling failure pitob |
1) (2 3) (4)
Age -0.027*** 0.030*** 0.007*** -0.002
(0.004) (0.009) (0.001) (0.002)
Female 0.144* 0.224*** -0.021 -0.028*
(0.076) (0.08) (0.017) (0.016)
Family background
Separate room 0.356*** -0.046**
(0.103) (0.02)
Number of siblings -0.123*** 0.018***
(0.024) (0.004)
Mother's education 0.168*** -0.029%**
(0.027) (0.006)
Father's education 0.191%** -0.019%**
(0.025) (0.005)

10 Recently, economists have shown that the existeheepositive relationship between parental incamd
children's school outcomes may be biased if pareftidity is ignored. In recent work, Plug and \épberg
(2005) show however that this bias may be overedtich They appeal to a sample of adopted childviich
offers genetically-unbiased estimates, and find fdmaily income still has a significant effect.
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Reared by both
parents as a couple Ref. Ref.
Reared in alternate -0.856*** 0.117
custody (0.279) (0.095)
Reared by mother -0.591*** 0.110***
only (0.135) (0.033)
Reared by father only -0.832** 0.226***
(0.339) (0.083)
Reared in another -0.210 0.036
situation (0.146) (0.031)
Father's occupation
Worker Ref. Ref.
Entrepreneur 0.458** 0.001
(0.178) (0.035)
Intellectual occupatio 0.345* 0.021
(0.192) (0.052)
Middle-level 0.629%*** 0.002
occupation (0.149) (0.033)
Mother's occupation
Worker Ref. Ref.
Entrepreneur 0.366 0.013
(0.248) (0.044)
Intellectual occupatio 1.204*** -0.089**
(0.238) (0.037)
Middle-level 0.445** 0.018
occupation (0.195) (0.045)
French native Ref. Ref. Ref. Ref.
-0.220 0.677*** 0.078** -0.066***
Sub-Saharan Africa (0.147) (0.165) (0.036) (0.024)
Asian 0.248 0.820*** 0.048 -0.045
(0.192) (0.194) (0.047) (0.033)
Southern European -0.421*** 0.294*** 0.054* -0.017
(0.087) (0.108) (0.024) (0.021)
Northern European 0.429* 0.897*** -0.099*** -0.11°%
(0.219) (0.282) (0.038) (0.023)
Eastern European -0.222 0.479 0.013 -0.062
(0.319) (0.358) (0.069) (0.046)
North African -0.590*** 0.516*** 0.122%** -0.034*
(0.078) (0.118) (0.024) (0.020)
Turkish -1.084*** 0.118 0.223*** 0.007
(0.178) (0.214) (0.055) (0.043)
Mixed origin 0.002 -0.444%* 0.043* 0.093***
(French+other) (0.104) (0.114) (0.024) (0.027)
Control for siblings' No Yes No Yes
education
Control for school No Yes No Yes
type
Observations 7879 7857 7886 7864
Notes: *** Significant at the 0.01 level, ** at th®05 level, * at the 0.10 level. Standard errors i
parentheses.

Column (1) shows that women have better educatidgnomes than do men. The North
African, Southern Europe and Turkish origin vareblattract negative and significant
coefficients, so that these individuals are lekslyi to experience education success. Those

from Sub-Saharan Africa, Asia and Eastern Europenat significantly different from French
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natives. Finally, second-generation immigrants friiorthern Europe perform significantly

better than all other groups.

The findings in column (2) are rather different.rél¢he introduction of family background
has a sizeable effect on the ethnic-origin coeffits. These latter are now significantly
positive (except for Turkey and Eastern Europe cWigire not different from French natives).
We no longer find a negative effect of origin onueation: instead second-generation
immigrants are more likely than French natives lbam better education outcomes. This
result is consistent with the existing literatu@ardet al. (2000) use US data (the 1940 and
1970 Censuses and 1994-1996 Current Populatioregs)rand find that second-generation
immigrants are more educated than the childreroofparable U.S.-born parents. Brinbaum
et al (2012) use the sanfeOdata as we do, and obtain a similar result showhag ethnic
origin is no longer significant as a predictor ohgoling failure when family background is
controlled for. This result is also consistent widistmannet al. (2012), who carry out a
comparative analysis across a number of Europeantiies of second-generation immigrants
using PISA, European Union Labor Force Survey andofean Social Survey data. For
example, they find that the test-score gaps betwhgdren born to immigrants and natives is
substantially reduced in most countries when cdstiar parental characteristics, school and

peer quality, and the language spoken in schodhéneduced.

Childhood environment thus seems to be a key detamhof life-course success, as it affects
education which itself generates labor-force outesnarental education and family income
are strongly correlated with child education. Idi&idn, having a single parent is associated
with worse education outcomes. The negative impathhe number of siblings on education
can reflect that more siblings implies fewer avalgaresources per chiltdast,in line with the
results of Goux and Maurin (2005), the availabilidly a separate room for homework is
positively associated with education outcomes. Thisbe seen as additional evidence for the

importance of educational resources.

Table 8 shows that ethnic-origin groups are sigaiitly different from French natives with
respect to their family background, and explainsy védthnic-origin groups have worse
educational outcomes than do French natives. W& $iee that North African, Southern
European and Turkish parents are less educated atearFrench parents and have “no
gualification” as the mean educational level fothbthe father and the mother. Second,
second-generation immigrants from North AfricanbSaharan Africankastern Europand
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Turkish parentdave fewer opportunities to do their homework iseparate room. Notably,
the number of Eastern-European descendants whditeenitom a separate room is almost
30 percentage points lower than their French copatts. For the three other ethnic groups,
the difference is at least 8 percentage points-Saltaran and North African (respectively
Asian and Turkish) second-generation immigrant® lim families with on average two
siblings (respectively 0.8 siblings) more than [Etefiamilies. Third, Table 8 indicates that
Sub-Saharan, Southern and Eastern European omgipomdents were brought up less
frequently by both parents in a couple. In particulthe percentage of Sub-Saharan
individuals reared by both parents in a coupledi$ Joints lower than the figure for French
natives. North African, Southern-European and Tairlparents are on average less educated.
Finally, Northern-European immigrants are not digantly different from natives, except for

the fact that their parents were more often inugpt®relationship.

Table 8 — Ethnic-origin Differences in Family Bac&und

Sub
-Saharan North Northern Southern Eastern

Africa Africa Europe Europe Europe Asia Turkey
Separate room for
homework -0.081***  -0.103*** -0.026 -0.025 -0.298**  -0.003 -0.092*
Number of Siblings 2.446%** 2.385*** 0.454 0.394** 0.081 0.851*** 0.801***
Mother's Education -0.001 -0.973%** 0.407 -0.681***  -0.437 -0.022 -1.168***
Father's Education -0.112 -1.214%** 0.176 -0.993** -0.641* 0.331 -1.22%x*
Reared by:
Both parents as a
couple -0.146%** 0.004 0.062*** 0.04*** 0.072*** 0005 0.033
Alternate custody 0.015 -0.001 0.000 0.003 -0.068** 0.015 0.005
Mother only 0.145*** 0.025* -0.025 0.006 -0.037* r.3** -0.006
Father only 0.003 -0.001 -0.007 -0.008 0.002 0.008 -0.017**
Other 0.051* -0.031%** -0.034** -0.017 - -0.024 a7

Notes: *** Significant at the 0.01 level, ** at th@.05 level, * at the 0.10 leveParental education is a discrete number
between 1 and 6 according to the six educationldeivethe data (see Table 6). The figures shouldelael as the difference
between the average highest educational qualificatietween natives and that in the ethnic groupeurdnsideration. Given
that the average highest educational qualificatifom the father (mother) of French natives is junibigh school (no
qualifications), the data show for example that #heerage qualification for father (mother), of NerAfrican second-
generation immigrants is no qualifications (no dfiehtions).

Family context may affect schooling success in diferent ways. First, migrant descendants
are more likely to have unfavorable family backgrds (as in Table 8). It might also be
conjectured that these backgrounds have a mordivegapact on them than they would on

natives. To investigate this second channel, we complementary regressions with

21



interactions between respondents’ ethnic origin famdily background (number of siblings,
separate room, family structure and parental edugatin these regressions (which are
available upon request) none of these interactianables are significant or robust to
specification changes, suggesting that family bemkgd has a similar effect across ethnic
groups. The size, structure and wealth of the famike of the same central importance in

predicting education outcomes (see Table 7) foethlhic groups.
4. Discussion

We find that theemployment gap between French natives and secaorerageon
immigrants is mainly driven by education. We aldww that theethnic wage gap is
substantially reduced by controlling for both sétat bias and educatiof.hese findings
potentially challenge the role of discriminationarplaining ethnic labor-market outcomes.
Nevertheless, even after controlling for educat®ome ethnic variables remain significant,
consistent with some residual discrimination. Weyrba tempted to conclude that while
discrimination is not obvious in wages, it is mdileely to occur at the hiring stage. We
should however be cautious in our interpretatiothef residual employment gap. This latter
does not necessarily reflect discrimination, buyralao come from unobserved differences in
ability, attitudes, or preferences. Our inabilibyaccurately identify discrimination is certainly
one of the main limitations of our analysis. Tli$bwever a general difficulty in most survey
data without accurate information on discriminatairthe hiring stage. Recent developments
in field and laboratory experiments have shown thatexperimental method is a valuable
tool for the circumvention of this difficulty (SeRiach and Rich, 2002, for an exhaustive
survey of field experiments; see Larribeaual, 2013, for the study of discrimination in

laboratory settings).

Another important finding here is thahildhood environment is a key determinant of
education. Controlling for family background knoakst the negative effect of ethnic origin
on education. This echoes the explanations fouriddrsociology of education literature that
immigrants believe more than natives that educasoa vehicle for social mobility (see for

instance Caille and Lemaire, 2009). For that reafwy would invest more into education.
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These insignificant education coefficients may alsdicate that second-generation
immigrants do not suffer from discrimination at soh** They also do not seem to under-
invest in education by anticipating lower returns tbe labor market (see for instance the
theoretical setups in Lundberg and Startz, 1983ankeand Wolpin, 200d¥. In sharp
contrast, the fact that the variables associatdl seécond-generation immigrants become
positive and significant after controlling for otheariables suggests that they exert more
effort, perhaps in order to counteract the potéhtiarre effects of discriminatiorkinally, our
result on the impact of family background on ediocet! attainment, which in turn is key for
labor market integration, is also in line with thiedings of existing work emphasizing the

role of “premarket” factors in adult earnings inality (see Todd and Wolpin, 2007).
5. Conclusion

This paper has considered the wage and employnapd between French natives and
second-generation immigrants, using data from teed¢hTrajectoires et Originesurvey.To
our knowledge, this dataset is the only one progjdiccurate information on the life-course
of (second-generation) French immigrants. We alsaluate the role of educational
differences between ethnic groups in explainingniethlabor-market gaps. Last, we

investigate the determinants of these ethnic gapslucation. We have three main findings.

First, second-generation immigrants are less likelybe employed and receive lower
wages than do French natives. Howegecond-generation immigrants are not homogeneous.
We uncover considerable differend®sethnic originthose with North-African, Sub-Saharan
African and Turkish origins have both a lower probty of employment and lower wages
than French natives. By way of contrast, seconeg@dion immigrants from Asia or

European countries are similar to French nativeéserims of both wages and employment.

Second, a large part of the observed outcome diftass between French natives and

second-generation immigrants is explained by edutailhis is particularly the case for

™ There is now a growing literature on discriminatbshavior in education evaluating the impact otheas’
behavior on the gap between natives and ethniggtdtor instance, Dee (2005) finds that the stusleclds of
being seen as inattentive increases significantlatdeast 33 percent when the teacher is notettme race,
and Ouazad (forthcoming) underlines that teachess lgetter assessments to pupils of their own rabese
results suggest that the ethnicity of both thehean@nd the pupil matters to know whether ethninariiies
suffer from discrimination. Most of this empiridéterature has used US data. TheO survey does not include
data that would enable us to address this issue.

2 In these models, negative prior beliefs about membé a particular group may become self-fulfilliimy
equilibrium (Lundberg and Startz, 1983). This magwr for example if individuals of a particular gpunder-
invest in human capital due to anticipated disanatory treatment and therefore a lower return tecation.
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individuals with North-African or Turkish parent§his key role of education in explaining

ethnic labor-market gaps provides an alternatiaglireg to that of ethnic discrimination.

Third, we show that this schooling gap is mainlyplained by ethnic differences in family
background. The root of labor-market outcomes nten tbe found in family background,

rather than ability, discrimination at school otieipated discrimination.

It cannot be denied that employer discriminationstsxin the French labor market.
However, our results suggest that targeting theatthn gap via family-oriented policies may
be at least as efficient as discrimination-oriereticies in reducing ethnic gaps in the labor
market. Education policies such as early-childhamtlication, kindergarten, homework
assistance, and so on, which act as a counterweigisipects of family background, may help
to attenuate these education gaps. Future resedlichelp to further determine the precise

impact of discrimination in determining outcomestbe French labor market.
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